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General Description of the Thesis

Relevance of the topic

Blazars are Active Galactic Nuclei (AGN) which have relativistic jets that
are viewed at small angles to the line of sight. Because of Doppler boosting,
they appear as one of the most luminous and variable extragalactic sources,
with non-thermal emission extending from radio frequencies to high-energy
(HE) and sometimes very-high-energy (VHE) ~-rays. Their broadband
spectral energy distributions (SEDs) usually show two broad components: a
low-energy synchrotron component and a high-energy component that may
be produced by inverse-Compton or hadronic processes.

Studying blazars is important for several reasons. First, they make it
possible to test physics near supermassive black holes (SMBHs) and inside
relativistic jets, where particle acceleration, radiative cooling, magnetic
fields, and relativistic plasma dynamics are under extreme conditions.
Second, the blazar emission is over a wide range of energy band, making them
interesting objects for multiwavelength observations. Third, the association
of some blazars with HE neutrino events makes them central sources in
multimessenger astrophysics.

At the same time, detailed physical modeling of blazar SEDs is
computationally expensive. Self-consistent radiative models require repeated
calculations during parameter inference, which becomes difficult for large
samples and for time-resolved studies containing many epochs. Anotherissue
is that many blazar candidates lack statistically robust classifications into
the two main subtypes based on optical spectra: flat-spectrum radio quasars
(FSRQs) and BL Lacertae objects (BL Lacs). This limits blazar population
studies and makes source selection for follow-up observational campaigns
more difficult.

In recent years, machine learning methods have become powerful
tools in astronomy and astrophysics, especially for problems involving
large datasets and computationally expensive calculations. These methods
are effective at finding hidden patterns in complex data, performing
classification and regression tasks, estimating physical parameters, and
approximating non-linear relationships between observables and underlying
physical quantities. They can also be used as surrogate models to replace



slow numerical simulations with fast approximations, significantly reducing
computation time and making large-scale and time-resolved studies feasible.

The aim of the thesis

The main goal of the thesis is to apply machine learning methods to
improve the classification of blazars and to make the physical modeling
of their broadband radiation more practical. The work keeps the analysis
physically grounded by using observational features from Fermi-LAT catalogs
and by training surrogate models on spectra generated from radiative
calculations.

The main tasks are:

1. To classify blazar candidates of uncertain type (BCUs) in the
Fermi-LAT 4FGL-DR3 catalog using observed ~-ray spectral and temporal
properties.

2. To compare artificial neural networks with gradient-boosted decision
tree methods, especially XGBoost and LightGBM, and identify a robust
model for BCU subclass prediction.

3. To develop and validate a convolutional neural network (CNN) surrogate

for one-zone synchrotron self-Compton (SSC) modeling of blazar SEDs.

4. To apply the trained SSC modeling framework to a large time-resolved
study of PKS 2155-304.

5. To investigate the origin of the multiwavelength emission from the
FSRQ PKS 1441425 during different activity states, including the
VHE-detected period.

Scientific novelty

The thesis presents several new results. A statistically grounded
classification of BCUs in 4FGL-DR3 is obtained using 18 direct ~-ray
observables and modern machine learning algorithms. It is shown that
gradient-boosted tree methods are performing better for this catalog-scale
problem because they handle small, heterogeneous, and partially incomplete
tabular data efficiently. The classified candidate sources have properties
statistically align with the properties of the identified objects, showing that



the classification algorithms can find and map the hidden physical properties
with enough accuracy.

A second novel result is the construction of a fast CNN-based surrogate
for a self-consistent one-zone SSC model. The network is trained on a large
set of spectra generated with the kinetic code SOPRANO, including cooling
and pair-production effects. This allows the model output to be evaluated
approximately 1000 times faster than direct numerical calculations, while
preserving the connection to the underlying physical model.

The trained network is then used to model 253 quasi-simultaneous SEDs
of PKS 2155-304, providing a homogeneous multi-epoch view of how the
magnetic field, electron luminosity, maximum electron energy, Doppler factor,
and particle-acceleration conditions change in the jet across different activity
states.

Finally, from the modeling of PKS 1441425 it shows that its 2015 activity
can be understood as an evolution of the emitting region along the jet: a
compact, magnetically stronger region inside or near the broad-line region
(BLR) in January, followed by larger particle-dominated regions beyond the
BLR during April-June.

Practical importance

The statistical classification of BCUs improves the completeness and
scientific usability of the Fermi-LAT blazar catalog by reducing the number
of sources without subclass identification. This allows more reliable studies
of the population properties, evolution, and luminosity distributions of
BL Lacs and FSRQs using larger and more representative samples. In
addition, the predicted subclasses help prioritize spectroscopic follow-up
observations and improve source selection for multiwavelength campaigns
and multimessenger studies, where the likely blazar subclass is often an
important factor for scientific interpretation.

The CNN surrogate modeling framework significantly reduces the
computational cost of fitting physically motivated SED models. Instead of
requiring many seconds for a single direct numerical evaluation, the trained
network can produce spectra in milliseconds, reducing full source modeling
from days to minutes. This makes Bayesian inference and multi-epoch SED
modeling feasible for sources with long-term monitoring and large numbers
of observational epochs. Such an approach allows time-resolved studies that



would be impractical with direct numerical solvers alone.

Basic results to be defended

1. BCUs in the Fermi-LAT 4FGL-DR3 catalogue were classified using
machine learning methods trained on 2219 confirmed BL Lac objects and
FSRQs, described by 18 spectral and temporal parameters. Among the
tested ANN, XGBOOST, and LIGHTGBM models, LIGHTGBM gave the
best performance. The final classification assigned 825 BCUs as BL Lac
candidates and 405 as FSRQ candidates, while 190 sources remained
without a reliable class. This reduced the fraction of unclassified BCUs
in 4FGL-DR3 to 5.1%. The classified sample was further used to study
the connection between FSRQs and BL Lac subclasses through the
~-ray photon index, synchrotron peak frequency, and high-energy peak
frequency.

2. CNN-based framework was developed for fast and self-consistent
modeling of blazar SEDs. The CNN was trained on leptonic radiative
models including synchrotron emission, inverse Compton scattering,
electron cooling, and pair creation-annihilation processes. It is shown
that the trained network reproduced the radiative output of the physical
model with high accuracy while significantly reducing the computational
time required for SED calculations. The method was combined with
MultiNest to fit the broadband SEDs of Mrk 421 and 1ES 1959+650 and
to derive posterior distributions of the model parameters. The developed
framework enables efficient fitting of multiwavelength blazar data.

3. The temporal and spectral evolution of the blazar PKS 2155-304 was
investigated using v-ray, X-ray, optical/UV, and infrared observations.
Multiwavelength light curves and 253 time-resolved SEDs were
constructed to study the origin and variability of the emission. The
source exhibited strong variability, particularly in the soft and medium
X-ray bands, with significant variability also observed in the v-ray band.
The SEDs were modeled within a one-zone synchrotron self-Compton
framework using a neural-network surrogate for rapid parameter
estimation. Statistical analysis showed significant state-dependent
variations of the physical parameters, including the magnetic field,
electron luminosity, maximum electron Lorentz factor, Doppler factor,



and electron spectral index. The jet was found to be particle dominated
with a magnetic-to-electron power ratio ng ~ 0.09-0.17, while X-ray flares
showed increased magnetization. The results indicate that changes in
particle acceleration efficiency and jet magnetization are responsible for
the different flaring states observed in PKS 2155-304.

4. A multiwavelength analysis of the FSRQ PKS 1441+25 (» = 0.939) was
performed. Adaptively binned ~-ray light curves revealed a prolonged
high-activity period around MJD 57000, including a bright ~v-ray flare
in January 2015 and a hard spectrum in April coincident with VHE
detections by MAGIC and VERITAS. SEDs corresponding to the January
flare, the April VHE state, and the May-June quiescent states were
modeled within a one-zone external inverse-Compton framework using
CNN surrogate models for efficient parameter-space exploration. The
April-June states were reproduced with weak magnetic fields and a
large emitting region (R ~ 10'" cm) located beyond the broad-line
region, where dusty torus photons dominate and internal v absorption
is negligible, allowing VHE photons to escape. In contrast, the
January flare required a compact and more strongly magnetized region
(R ~ 10 cm) located closer to the black hole, where disk and
broad-line-region radiation fields dominate and suppress VHE emission
through efficient v+ absorption. It is shown that the observed activity is
mainly driven by the evolution and relocation of the dissipation region
along the jet.

Approbation of the work

The results of the thesis were presented in Astroinformatics 2026
(February 23 - 27, 2026) as well as frequently presented and discussed at
the seminars of ICRANet Armenia center.

Publications
Four articles related to the topic of the thesis have been published.

Structure of the thesis

The thesis consists of an introduction, five main sections, a conclusion,
and a bibliography. The thesis contains 129 pages, 31 figures and 7 tables.



Content of the Thesis

Introduction

This section introduces blazars, presents the scientific motivation for
studying blazars and explains why they are interesting targets for both

multiwavelength astrophysical studies and machine learning-based analysis.

Chapter 1

Chapter 1 presents the theoretical and methodological background of
the thesis. The main radiation mechanisms responsible for blazar emission,
including synchrotron radiation, synchrotron self-Compton (SSC), external
inverse Compton (EIC), and hadronic processes are presented. The
characteristic two-component SEDs of blazars and the physical differences
between BL Lac objects and FSRQs are also described. The chapter further
summarizes the multiwavelength datasets and observatories used in the
thesis, particularly Fermi-LAT, Swift, and the Markarian Multiwavelength
Data Center (MMDC). In addition, it introduces the machine learning methods
applied throughout the thesis. Gradient-boosted decision tree algorithms
and artificial neural networks are discussed for the classification of blazars,
while convolutional neural networks are presented as surrogate models for
fast broadband SED modeling. The chapter explains how machine learning
can both identify hidden patterns in observational data and significantly
accelerate computationally expensive radiative calculations.

Chapter 2

In the second chapter, the classification of the large fraction of BCUs in
the Fermi-LAT 4FGL-DR3 catalog is investigated. Since optical spectroscopy
is not available for all candidate sources, 39.9% of the blazars in 4FGL-DR3
catalog remain BCUs. The thesis uses 18 direct v-ray observables to predict
whether a BCU is more likely to belong to the BL. Lac or FSRQ subclass. Three
different models are used: an artificial neural network (ANN), XGBoost, and
LightGBM, with both default and optimized boosted-tree configurations.

The comparison of model performance is summarized in Table 1. For
this catalog-scale classification problem, the gradient-boosted tree methods
perform better than the neural-network baseline. In particular, the optimized



Table 1. The BCU classification performance of the models.

Recall of Recall Precision ROC-AUC
Model Minority Weighted Weighted Macro
ANN 0.81 0.88 0.88 0.86
XGBoostdef 0.77 0.87 0.87 0.85
XGBoostopt 0.80 0.87 0.87 0.86
LightGBMdef 0.81 0.87 0.87 0.86
LightGBMopt 0.82 0.88 0.88 0.87

100

0.0 1.0
Predicted label

Figure 1: The confusion matrix of LightGBM_opt classifier on the test sample.

LightGBM model, LightGBM opt, gives the best overall balance of metrics,
reaching a minority-class recall of 0.82, weighted recall of 0.88, weighted
precision of 0.88, and macro ROC-AUC of 0.87. Since the minority class is the
FSRQ population, this result is important because it shows that the classifier
is not simply driven by the more numerous BL Lac sources.

The behavior of the adopted classifier on the test sample is illustrated in
Figures 1 and 2. The confusion matrix in Figure 1 shows that LightGBM_opt
correctly classifies 261 BL Lacs and 129 FSRQs, while only 26 BL Lacs
and 28 FSRQs are assigned to the wrong subclass. This nearly symmetric
pattern of errors confirms that the model separates the two populations well
and remains reliable even for the less represented FSRQ class. The ROC
and precision-recall curves in Figure 2 provide a complementary view of
the same result: the classifier maintains strong discrimination power over
a broad range of thresholds, with a test-sample ROC-AUC of about 0.93 and
a favorable balance between completeness and purity.

After selecting LightGBM_opt as the preferred classifier, asymmetric



Figure 2: Left panel: ROC curve for LightGBM_opt classifier. Right panel: Precision Recall curve.

decision thresholds were adopted to improve the reliability of the assigned
subclasses. A source is classified as a BL Lac candidate when LBLLac > 0.44,
and as an FSRQ candidate when LrsrRq > 0.82. This choice avoids forcing
ambiguous objects into a class.

The thresholded classifier is then applied to the full BCU sample. Among
1420 BCUs, 825 are classified as BL Lac candidates and 405 as FSRQ
candidates, while 190 sources remain without a firm label. As a result,
the BCU fraction in the catalog is reduced from 39.9% to about 5%,
making the resulting catalog more suitable for statistical population studies,
spectroscopic follow-up planning, and multiwavelength source selection.

Chapter 3

In the third section a machine learning framework for one-zone SSC
modeling of blazar SEDs is developed. Inthe one-zone SSC scenario, the same
electron population produces the low-energy synchrotron component and
the high-energy inverse-Compton component by scattering the synchrotron
photons. When this model is used to model the SED, it becomes
computationally expensive when particle injection and cooling are included,
because the coupled evolution ofelectrons and photons, together with cooling
and pair-production effects, must be solved numerically for each parameter
set.

To overcome this difficulty, a CNN is trained on a large library of SSC
spectra generated with the SOPRANO kinetic code. The training dataset
consists of 2 x 105 simulated spectra spanning a broad range of physically
relevant SSC parameters, including Doppler factors 3 < S < 50, emission
region sizes 1015 < R < 1018,cm, minimum and maximum electron Lorentz
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Figure 3: The broadband SEDs of Mrk 421 during the 4.5-month-long multi-wavelength campaign
in 2009 (left) and of 1ES 1959+650 on the 14th of June 2016 (right). The data and its errors are
in blue, the red line is the model corresponding to the best parameters, i.e., maximizing the
likelihood, and the grey spectra represent one in 10 randomly selected samples from the MCM
sampling, representing the model uncertainty. The data are corrected for EBL absorption.

factors 1015 < +mn < 105 and 102 < #mex < 108, electron injection indices
1.8 < p < 5, electron luminosities 1042 < Le < 1048,erg,s 1, and magnetic
field strengths 103 < B < 102,G. The network learns the relation between
these seven physical model parameters and the emitted broadband spectrum
sampled in 150 energy bins. After training, the surrogate reproduces the
numerical spectra with high accuracy while reducing the evaluation time
from about 10-100 seconds to about 10 2-10 3 seconds. This speedup makes
it practical to use the SSC model within Bayesian inference when fitting
observational data.

The performance of the method is demonstrated by connecting the CNN
with MultiNest and modeling the broadband SEDs of Mrk 421 and 1ES
1959+650. Figure 3 shows the observed data together with the best-fit SSC
spectra. In both cases the CNN reproduces the broadband shape well and
makes it possible to explore the posterior distribution efficiently. For Mrk
421, the fit gives p = 2.16 + 0.04, logl0(+Hmax) = 5.40 = 0.17, S = 23.88 + 6.54,
logl0(B/[G]) = -1.06 £ 0.22, and loglOR/[cm]) = 15.72 £ 0.37. The inferred
electron and magnetic luminosities, loglOLe/[ergs 1) = 42.88 + 0.12 and
loglLB/[ergs 1) = 41.66, indicate a system relatively close to equipartition.
For 1ES 1959+650, the all-free fit gives a lower magnetic field, log10(B/[G]) =
-2.16 £ 0.49, a larger emitting region, logl0(R/[cm]) = 16.89 + 0.52, and
S = 14.13 £ 10.22. The fitted parameters are summarized together with the
Mrk 421 results in Table 2.

These results demonstrate that the CNN surrogate can reproduce the
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Table 2: Parameters describing the SEDs in Figure 3.

Parameters Mrk 421 1ES 1959+650
p 2.16 4+ 0.04 2124+ 0.16
log, o (Ymax) 5.4040.17 6.87 4+ 0.33
log,,(Vmin) 2,57+ 0.17 2.56 & 0.62
) 23.88 & 6.54 14.13 £10.22
log,,(B/[G]) —1.06 4 0.22 —2.16 & 0.49
log,,(R/[cm]) 15.72 4 0.37 16.89 + 0.52
log,,(Le/[erg s~ ']) 42.88 £0.12 43.98 £ 0.40
log,,(Ls/[ergs™']) 41.66 41.34

observed broadband SEDs and recover physically meaningful regions of the
model parameter space. They also show that the method can be combined
with Bayesian inference to constrain SSC model parameters efficiently.

Chapter 4

In the fourth chapter the SSC modeling framework is applied to model
the SEDs of PKS 2155-304, a high-synchrotron-peaked BL Lac at redshift
z = 0.117. The source is highly variable from optical/UV to X-ray and ~-ray
energies, and its long observational history makes it suitable for systematic
time-resolved modeling. The time-resolved SEDs are constructed using the
Bayesian-block segmentation of the Fermi-LAT light curve, with data from
other wavebands grouped to maximize quasi-simultaneity. This approach
is important because blazar emission vary rapidly, and SEDs built from
non-simultaneous data can mix physically different states. The resulting
SED sequence shows that the synchrotron peak of PKS 2155-304 remains
around vs ~ (1-5) x 10'® Hz, while the flux level and spectral curvature change
substantially across the different activity states.

The segmentation results in the construction of 253 quasi-simultaneous
SEDs for different emission periods of PKS 2155-304. Based on their
multiwavelength characteristics, these SEDs are grouped into quiescent
(QS), multiwavelength-flaring (MWF), ~-ray-flaring (vF), X-ray-flaring (XF),
and optical/UV-flaring (OUF) states. Then each SED is modeled with the
same one-zone SSC framework described in the Chapter 3, allowing a
homogeneous comparison of the inferred physical parameters. The inferred
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Table 3: Results of the KS test, indicating if the parameter variation between any state and the
QS are significant. The parameters are in this order: magnetic field (B), electron luminosity (Le),
maximum energy (Ymax ), emission region size (R), Doppler factor (§), spectral index (p).

State B Le Ymax R 5

KS p KS p KS p KS p KS p KS p
MWF | 0.338 0.045 0.359 0.027 0.474 1.0x107° | 0.252 0.236 0.410 0.007 | 0.137 0.899
~F 0.267 0.354 0.293 0.254 0.327 0.155 0.265 0.364 0.239 0.489 | 0.506 0.004
XF 0.545 3.0x107* | 0.301 0.072 0.338 0.030 0.519 8.8x107% | 0.390 0.008 | 0.405 0.005
OUF | 0.316 0.007 0.381 4.8x107* | 0.418 8.9x107° | 0.143 0.581 0.290 0.016 | 0.283 0.021

parameters show how changes in the jet conditions are connected to the
different multiwavelength activity states.

The Kolmogorov-Smirnov (KS) test is performed to compare the inferred
SSC parameter distributions of each active state with the QS distribution,
and the statistical comparison is summarized in Table 3. The MWF state
differs significantly from QS in magnetic field, electron luminosity, maximum
electron energy, and Doppler factor, but not in emitting-region size or electron
index. The ~F state shows the weakest overall difference from QS, with the
only clear difference appearing in the spectral index p, which becomes harder
during ~-ray flares. In contrast, the XF state shows the strongest changes,
with significant differences in B, ymax, R, §, and p, indicating that X-ray flares
involve simultaneous changes in magnetization, particle acceleration, and
emission geometry. The OUF state also differs from QS in all parameters
except R, showing that optical/UV flares are associated with changes in
magnetic field, electron properties, and relativistic boosting.

Figure 4 shows a visual summary of these trends through box plots of
the parameter distributions. The XF state tends to have larger magnetic
fields and broader changes in the emitting-region properties, while ~vF states
favor slightly harder electron spectra together with lower § and ~vymax than
most other states. MWF episodes are characterized by relatively high ymax
and enhanced L., whereas OUF episodes show strong deviations in several
parameters but not in the size of the emitting region. This qualitative picture
is consistent with the KS-test results and shows that different flare classes
are driven by different combinations of physical parameter changes.

Such a change in the parameters, shows that the variability of PKS
2155-304 is not controlled by a single parameter. X-ray flares are most
naturally associated with stronger magnetic fields, higher maximum electron
energies, and changes in source size and boosting, while ~-ray flares are
more closely connected with hardening of the electron distribution. In all
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Figure 4: The distributions of all model parameters p, B [G], 7Tmax, 5, R [cm] and Le [erg.s 1]
for different states represented as box plots — QS (blue), MWF (violet), OUF (green), XF
(orange) and 7 F (red). The central line marks the median, box edges correspond to the 25th and
75th percentiles, whiskers extend to 1.5x the interquartile range , and outliers are plotted as
circles. Qualitatively, the X ray-flaring state tends to show larger B, while 7-ray-flaring states
favor slightly harder p and lower 5 and 7max relative to other states.
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states, however, the emitting region remains particle dominated, with ng ~
0.09-0.17. This favors a low-magnetization flow in which shocks or turbulence
can accelerate electrons efficiently without requiring a strongly magnetized
reconnection-dominated regime.

Chapter 5

In this section, the multiwavelength emission from the FSRQ PKS
1441425 is investigated during its VHE ~-ray emitting state. Such detections
are rare in FSRQs because their accretion disks and broad-line regions (BLRs)
produce dense photon fields. If the v-ray emitting region is located inside or
close to the BLR, VHE photons can interact with these low-energy photons
through ~+ pair production, creating electron-positron pairs and preventing
the VHE emission from escaping.

For this reason, the detection of VHE ~-rays from PKS 1441425 is
especially important. This source, located at redshift » = 0.939, was detected
in the VHE band by MAGIC and VERITAS during its 2015 activity, making it
a useful case for constraining the location of HE emission along the jet.

The origin of the emission from
PKS 1441425 is investigated using a multiwavelength dataset that includes
Fermi-LAT ~-ray data, Swift-XRT/Swift-UVOTand NuSTAR observations, optical
data, and infrared photometry. An adaptive-binning analysis of the Fermi-LAT
light curve reveals a prolonged high state beginning around MJD 57000,
including a strong HE flare in late January and a harder v-ray spectrum in
April, when VHE emission was detected. To study the emission during this
activity, four representative SED intervals are selected: 29-30 January 2015,
24-28 April 2015, 01-15 May 2015, and 01-04 June 2015. These SEDs are
fitted with a one-zone external inverse-Compton model evaluated with the
CNN surrogate. The resulting SEDs are shown in Figure 5, and the best-fit
physical parameters are summarized in Table 4.

The inferred parameters show a clear separation between the January
flare and the April-June activity. The January state requires a compact
emission region with logR = 15.03 £ 0.91 and a much stronger magnetic
field, log B = 0.77 + 0.26, while the three later states all favor large regions
with log R ~ 17.1 and weak magnetic fields with log B ~ —1.7. The January
SED is therefore consistent with a dissipation site inside or near the BLR,
where direct disk and BLR photons can affect the VHE component and where

15



Table 4: Best-fit physical parameters obtained from modeling the SEDs of PKS 1441+25 during
the four different periods. For each interval, the table lists the electron injection index p, the
cutoff Lorentz factor 7cut, the Doppler factor 5, the magnetic-field strength B, the radius of the
emitting region R, and the electron kinetic luminosity Le. The magnetic luminosity L b is
computed from the fitted B, R, and 5.

Parameter 29-30 Jan 2015 24-28 Apr 2015 01-15 May 2015 01-04 Jun 2015

p 2.40 £ 0.52 2.41 = 0.20 2.33 £ 0.29 2.38 £ 0.35
log Teut 3.71 = 1.21 4.94 + 0.19 5.04 + 0.42 441 + 0.96
S 42.62 + 8.04 45.36 = 7.46 32.47 =+ 7.85 39.53 + 6.97
log B 0.77 = 0.26 -1.66 + 0.36 -1.74 £ 0.50 -1.79 + 0.80
log R 15.03 £ 0.91 17.10 = 0.44 17.17 = 0.44 17.13 £ 0.52
log Le 44.98 £ 0.83 45.99 + 0.24 45.92 £ 0.56 46.08 + 0.58
log Ls 44.43 43.77 43.46 43.44

Figure 5: SED of PKS 1441+25 for the four different intervals selected from the multiwavelength
light curve: 29-30 January 2015, 24-28 April 2015, 01-15 May 2015, and 01-04 June 2015. Black
points show the contemporaneous multiwavelength data used in each fit. The solid black curve in
each panel represents the best-fit one-zone EIC model obtained with the CNN-accelerated
inference framework, while the grey curves correspond to random posterior realizations from the
MultiNest sampling.
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internal v~ absorption naturally suppresses VHE emission.

By contrast, the April, May, and June SEDs are all reproduced with large
emitting regions, weak magnetic fields, and electron kinetic luminosities
around log . ~ 46. These conditions place the emission region beyond
the BLR, where the dusty torus becomes the dominant external photon field
and VHE photons can escape. The April interval, which corresponds to the
VHE-detection period, combines a large region with log R = 17.10 £ 0.44, a
Doppler factor of 45.36 + 7.46, and a high cutoff energy log ycut = 4.94 + 0.19,
allowing the inverse-Compton component to extend to VHE energies.

The May and June states remain broadly similar to April, confirming that
the source stays in a particle-dominated, Compton-dominated regime after
the emission region has moved downstream. In May, the fitted cutoff energy
reaches log vycut = 5.0440.42, while in June the electron kinetic luminosity rises
to log Le = 46.08 &+ 0.58 and the Doppler factor remains high at 39.53 + 6.97.
In all three later epochs, the magnetic luminosity stays almost an order of
magnitude below the electron luminosity, whereas in January the stronger
magnetic field makes the source much closer to equipartition.

These results suggest an evolutionary scenario. The January activity
corresponds to an upstream dissipation episode, where disk and BLR photons
dominate the external radiation field. By contrast, the April-June activity
corresponds to a later downstream phase, in which the emission region has
moved beyond the BLR and interacts mainly with photons from the dusty
torus. This evolution naturally explains the observed differences in Compton
dominance, spectral hardness, and VHE transparency without requiring a
change in the basic radiation mechanism.
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Udthnthwghp

Pluqupubpp wynphy quuyunpluywu  Jhentjubpph  wdbuwhgnp b wnwyb
thnthnfuwlwt nuubphg Gu, npnug nbywnhypunmwlwi shpbipt ninnwsd Gu nbwh
nhwnnp: “tnwybpwu ndbinuigdwu hbGmbwupny npuug ng obipdwiht Swnwguenudp
nhndnd £ EGYupwdwgquhuwlwy uwblnph wiu whpnyend’ nwnhnwihpubiphg
dhtsl pwpdp L qbippwpdp Lubipghwubph quddw whpnyep: Pluqunubph wpwg
thnthnfuwlwtuntpyniup, Swnwquwjenwip (Wit whpnypnud, pubnwgywsd Swnwgupnudp
L htwpwynp Yuuwp pwpép Lubpghwh ubjunphunubph hbn npwup nupdund Gu
Yupunp wunnu$hghlwlwl wnpnipubp' nbjwnhyhunwlwi 2hpbipnd dwuthyubiph
wpwqugdwt, dwquhuwwu nwownbiph, Swnwquypdwt defuwuhgdubph, huswbu twlb
ohe wynptghnu uywydwnwl thnfuwgnbigniejuwt nwunwfuwuhpniejwt hwdwp:

Uwnbuwfununiginiup Jugdwd  F Ubpwdnyeiniuhg,  hhug  giniuubiphg,
Gapwluwgnipniuubiphg W oquiugnpdwd gpuiljuituniejw gwulhg:

Lbpwdnieniund - ubplujwgyws  Gu wlnhy  qujwlwhluwlwu  Jhentjubipp,
dwutwdnpwwby'  puqupubph nwnidbwuppdwt wpnhwlwt  fuunhpubpp,
pwquwwppwiht b pwqdwuniphwinwlwiht  wunnwdhghluwih  towuwynieniup,
huswbu twl Jhpbuwjwlwu nunigdwt dEennubiph Yhpwndwt huwpwynpnigniuubpp
pluwqunubph nwuwluwpgdwu U dwnwquwjpdwt dnnbjwynpdwt fuunhpubipnid:

Unwoht qjfunid  ubpluwjugywsd Gu  puqupubph hpduwlwt  nhnnnuwu
hwwnlnypniutbpp, Swnwqwjpdwu dGluwuphgdubpp W nbjwunphdhunwlwu shpbipnd
dwuthlubiph Swnwgujpdwl $hghlulwu wpngbuubipp: Luuwnlyyby
GU uhUuppnunpnuwht, uhtuppninpnuwiht b wpnwpht $nnnuwiht nuowbph Ypw
hwlwnwpad Yndwinntyuu gpdwu dnnbijubpp, huswybiv twb hwnpnuwhtu ugbuwpubpp:
Lbpluwjwayb] U wotuwwmwupnd ogquwgnpdywd pwqiwhwiwluwhtu wyjwiubpp
hpduwwu wnpnipubpu ne depbuwjwlwu nwungdwt dGpnnubpp:

Enlnnpn qifunid hpwlwuwgyby b snwuwlungyws pluquintiiph nwuwlwipgnud®
oguuwgnpdtiny Fermi-LAT snppnpn Juuwnwingh quiddw-Gwnwguwjpwht wnhpnyeh
wyjwiubipp: Pluqunubiph uybupw) b dwdwtuwluwihtu hwnynugeggniuubph hhdwiu ypw
nwnwgwuyb] U wphbGunwlwu ubjpnuwihu gwugbp, huswbu twl gradient boosting
decision tree whuwh wignphpdubp’ XGBoost U LightGBM: Uwnwgywd wpryniupubiph
hpdwu ypw hpwlwuwgybi E snwuwupgywd pjuqupubiph pudwunwip BL Lac W FSRQ
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GUpwnwubph:

Sppnpn gfund Ubpluywgyws k convolutional neural network (CNN)-h pw hhduywd
unp dbpnn’ pluqupubph wnwquedwl uwybyunpubph wpwg dnnbuynpdwy hwdwp:
Uhtuppninpnuwiht $ninnttbph hwlwnwpéd Ynduunnywu gpdwt dnnbih opewtiwynid
CNN-p nwnigwudt £ uhupbinply wfjwiubph Jpw’ undnpbind  Swnwqujpdwl
pYwiht dnntih W $hahwlwl wwpwdbinpbph dhole Ywwp: Snyg £ wpyb), np
ubjpnuwjhu gwugp pwpédp Gonnyejuwdp Ybpwpunwnpnd £ pywiht hwodwplubpny
unwgdwsd uwbyunpubpp' qquihnpbt wpwqugubing dnnbuynpdwu gnpdpupwgp:
Unnbip Yppwnyb E Mrk 421 W 1ES 1959+650 pluqupubipph jwjuwotipn uwbyunpubph
dnnbjwynpdwu hwdwn:

2nppnpn giund hpwwuwgyb) £ PKS 2155-304 pjuquph pwgdwhwwfuwhu
nyjwiubph nwniduwuhpniegniu’ 2008-2023 pwlwuubph pupwgpnid: Ybpnidyb) Gu
Fermi-LAT,  Swift:XRT/UVOT L wy  wpfupdwphu  wndjwiubp, Ywnnigyby
GU mwppbip wlynpynieyuu yhdwlubphtu hwdwwwwwuluwu uybunpw) Eubpghwywu
pwotujwdnipniuutip: Unpjniph dwnwqujendp dnnbuynpdbp § uhuppninpnuwihu
dnnntubph hwlwnwpd Yndywnwt gpdwu dnnbh opowtwlynud, quwhwnyby
GU Swnwqwjenn Jdwuuplubph W 2hpp pUnipwagpnn hphduwlwtu wwpwdbwpbph
thnthnfunyeniutbpp twppbp ypéwlubpnud:

<hugbpnpn gifunwd nunwuwuhpyb Gu PKS 1441425 pluquiph puwgqdwhwéwiuwiht
whpnypenud Swnwquw)jpdwu dbfuwuhgdubipp: Oguwgnnpdtiny
Fermi-LAT, Swift-XRT/UVOT b wy nhrnwlubpny gpwugywd wndjwjubipp’ Yunmgyt Gu
wnpjniph wwppbp wynpyngjwu Jhdwlubpht hwdwwwwwuluwt dwnwqwjpdwu
uwbywpubp, npnup dnnbpwdnpdbp Bu o Gwyunuwhu dnnbh 2powtwynid’ hwgyh
wnubiiny uhuppnupnuwjht, uhtppninpnuwiht nunntubpp W wpnwpht $nnnuwihu
nwownbph Ypw hwlwnwpd Yndwywntjwu gpdwu  dbfuwuhquubpp: Suwhwnybg
GU Swnwaguwipdwu whpnyeh dhghlwlywu wwpwdbnpbpp W puuwplybp npwig
thnthntunyeniutbpp pnuydwu wwppbp hnybpnud:
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Pesiome

Bnazapbl oguH 13 cambix MOLLHBIX U Haubonee NePeMEHHbIX KIAcCoB aKTUBHbIX AAEP
ranakTuK, 4bW PENATMBUCTCKUE [KETbl HanpaBfieHbl B CTopoHy Habniopatena. Ws-za
acpcpekTa [LlonnepoBCKOTo YCUNEHWUA UX HETEMOBOE M3NyYeHUe HabNIOAETCA B LLMPOKOM
OManasoHe 3NEKTPOMarHUTHOTO CMeKTpa: OT PafMoBOIH [0 raMMa-usNy4eHUA BbICOKUX U
CBEPXBbLICOKMUX 3HepPruid. BbicTpas nepemeHHocTb 6nasapos, LIMPOKOMONOCHOE U3MyHeHNe,
MONAPU3ALMA 1 BO3MOMHAA CBA3b C HEMTPUHO BBICOKMUX SHEPTUIA SENaroT UX BaMHERLLMMM
acTpoPU3NHeCKMMN OObEKTaMM [JIA U3YHEHWA YCKOPEHWA YacTWL, B PENATUBUCTCKUX
IeTax, MarHUTHbBIX MoNel, MEXaHU3MOB U3IyHEHWA, a Takme B3aUMOAENCTBUA [KeTa C
AKKPELMOHHbBIM [LUCKOM.

LvccepTauma coctont us BBEfileHUA, NATU MaB, 3aKNOYEHUA W CMIUCKA UCMONb30BAHHOM
nnTEpPaTypbI.

Bo BBepeHUM npepncTaBneHbl akTyarnbHble Mpobrembl W3y4YeHUA aKTUBHbIX AAEP
ranakTMK, B 4acTHOCTW 6na3apoB, 3HaYeHWe MHOTOBOMHOBOM W  MHOTOKaHanbHOM
acTpoPuanKM, a TakiKe BOBMOMHOCTM MPUMEHEHWA METOLOB MaLUMHHOTO obydYeHuA B
3afavax Knaccudpukalmm 6nasapos U MOSENMPOBAHUA VX U3NYYEHUA.

B nepBoil rnaBe npefcTaBneHbl OCHOBHble HabntopatenbHble cBocTBa 6nasapos,
MEXaHU3MbI U3NY4eHUA W DUBMYECKME NMPOLLECCH U3IYHEHWA YAcTWL, B PENATUBUCTCKUX
mketax. O6cympatoTcA MOAENN CUHXPOTPOHHOTO U3MYHeHWA, 0BpaTHOrO KOMMTOHOBCKOTO
pacceAHnA Ha CUHXPOTPOHHDBIX U BHELLHMX POTOHHbIX MOMAX, @ TakKe afPOHHbIE CLiEHapUH.
MpenctaBneHbl OCHOBHbIE UCTOYMHWMKM MHOTOBOSIHOBBIX [AaHHbIX U METOAbl MALLIMHHOMO
oby4eHuA, ucnonbaoBaHHble B paboTe.

Bo BTopoii rnaBe npoBefieHa KnaccupuKauma HeknaccupuuMpoBaHHbIX bnasapos ¢
UCMonb3oBaHWeM faHHbIX raMmMa-guanasoHa us Yetseptoro katanora Fermi-LAT. Ha ocHoBe
CMeKTpallbHbIX M BPEMEHHbBIX XapakKTepUcTuk Gnasapos ObinuM 0Oy4eHbl WCKYCCTBEHHblE
HEWpPOHHbIE CETW, a TaKMe anropuTMbl TUNa rPafMeHTHoro OycTUHra Haf, fAepeBbAMM
pelwenunii:  XGBoost u LightGBM. Ha ocHoBe nonyyeHHbix pesynbtaToB npoBefeHo
pasfieneHune HeknaccupuumpoBaHHbIx bnasapos Ha nogknaccbl BL Lac n FSRQ.

B Tpetbeit rnaBe npepcTaBneH HOBbIA MeTOH Ha OCHOBE CBEPTOYHbIX HEWpPOHHbBIX
ceteit (CNN) pna ©ObicTporo MopenuMpoBaHWA CMEKTPOB W3NyvyeHUA Onasapos. B

pamKax Mofenn obpaTHOro KOMMTOHOBCKOTO pacceAHUA CUHXpOTpoHHbIX ¢roToHoB CNN
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Obina obydeHa Ha CUHTETMYECKMX [AHHbIX, W3y4aA CBA3b MEM[AY HWCIEHHOW MOJenbto
U3nydeHna u dpusmnyeckummn napametpamu. [lokasaHo, 4To HelipoHHaA ceTb ¢ BbICOKOM
TOYHOCTBIO BOCMPOU3BOAMT CMEKTPbI, MONYHEHHbIE HUCTEHHBIMU pacHeTami, 3HAYUTENBHO
yCcKOpAA npolecc mofenuposaduA.  Mopenb 6Obina npumeHeHa LA MOAENUPoOBaHWA
LLIMPOKOMONOCHBIX cnekTpoB bnasapos Mrk 421 n 1ES 1959+ 650.

B uetepToll rmaBe npoBefeHO UccnefoBaHMe MHOMOBONTHOBbLIX AaHHbIX 6nasapa PKS
2155-304 3a nepwop, 2008-2023 rr. [NpoaHanuanpoBaHbl apxmBHble faHHble Fermi-LAT,
Swift-XRT/UVOT u ppyrux uHcTpymeHTOB, MOCTpoeHbl chekTpalibHble pacnpefeneHua
3HEPTUM, COOTBETCTBYIOLLME PasfiM4HbIM COCTOAHUAM aKTUBHOCTU. M3anydeHne nctouHmKa
CMOJENMPOBAHO B pamKax MoJenn obpaTHOrO KOMMTOHOBCKOTO PacCceAHNA CUHXPOTPOHHbIX
hOTOHOB, OLEHEHBI M3MEHEHUA OCHOBHbIX MAapameTPOB M3MyHatoLLIMX HacTul, U AxeTa B
pasNUYHbIX COCTOAHUAX.

B nAaTolt rnaBe u3yyeHbl MexaHW3Mbl MHOFOBOJIHOBOrO W3nyveHuA Onaszapa PKS
1441+25.  C ucnonbsoBaHWEM [aHHbIX, 3aperucTpUpoBaHHbIX Teneckonamu Fermi-LAT,
Swift-XRT/UVOT u ppyrumu uHCTpymeHTamu, MOCTPOEHbl CMEKTPbl W3Ny4eHUA [nA
PasNUYHbIX COCTOAHWI aKTUBHOCTM MCTOMHMKA. CreKTpbl CMOAENMpoBaHbl B pamKax
NENTOHHOW MOJENN C YHETOM MEXaHU3MOB CUHXPOTPOHHOO M3NyHeHUA, a Takme obpaTHoro
KOMMTOHOBCKOTO PacceAHUA Ha CUHXPOTPOHHbBIX (POTOHAX WM BHELLUHUX (DOTOHHBIX MOMAX.
OueHeHbl dusmnyeckmne napameTpbl obnacT UanydeHUA U obCymaeHbl MX U3MEHEHWA Ha

Pas3finyHbIX CTaguAX BClbILUEK.

Uhbp lvwswwnpywt / Mher Khachatryan / Mrep Xauatpax 7
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